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Based on the basic idea of distributed learning, we propose a grammatical
structure with (k, 1)-context-dependent probabilities using a hierarchical nonparametric Bayesian
model called Hierarchical Pitman-Yor Processes. At the same time, a fast MCMC method for the
estimation is proposed. In experiments, it was shown that high prediction accuracy could be
obtained. As a final result, we developed the algorithms for improving the accuracy of unsupervised
parsing.
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